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Pedestrian Detection Based on Partial Feature and Model Matching

ZHOU Chenhui, WANG Shengjin, DING Xiaoqing
( Department of Electronic Engineering, Tsinghua University, Beijing 100084 )

Abstract In the field of intelligence video surveillance, pedestrian detection is paid great attention to the security of daily
life. In order to raise the detection rate, we combine partial features based on Adaboost with model matching. First, a new
way of selecting proper partial feature is shown through analysis and comparison. Then, partial body is used in modeling

which shows that model matching is combined in pedestrian detection. At last, experiments indicate that our method
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achieves a good result in pedestrian detection.
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Fig. 1 Partial feature
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Tab.1 Comparison of partial feature
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Fig.2 ROC curve of partial feature
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Fig.3 Result of model matching
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Fig. 6  Process of detection
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